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ABSTRACT 
DENOISING is the technique used to retrieve the image from the noisy image environment. It uses the visual content of images 
like color, texture, and shape as the image index to retrieve the images from the image pixels. The purpose of the work is to 
retrieve images with less noise .Images with noise in the database can be reduced with different techniques including the 
denoising method and the detection and removal of the existing parameters to detect the new proposed project. 
 
1. INTRODUCTION 
The goal of DENOISING is to retrieve original image from noisy image. DENOISING uses the visual content of images 
like color, texture, and shape as the image index to retrieve the images from the database. The DENOISING is the 
technique to map each pixel of the original image in the pixels to a feature space and then retrieve based on the feature of 
the pixeling. Wavelet with vanishing moments are very effective for representing piecewise smooth images. However, 
wavelets are ill-suited to represent long oscillatory patterns in images with abundant textures. These oscillatory variations 
of intensity can only be represented by small-scale wavelet coefficients. As a result, those small-scale coefficients are 
quantized to zero in the low bit rate image compression and are threshold to zero in image denoising, which degrades 
compression and denoising performance. Over-complete wavelet packet contains a mass of libraries of waveforms, from 
which the best wavelet packet base can be found to efficiently represent long oscillatory patterns. For image compression, 
the best wavelet packet base can be obtained by pruning the full wavelet packet decomposition of the image in terms of a 
predefined cost function. Various cost functions have been developed, including the vector entropy, the cost functions 
involved in the rate-distortion and quantizes, and the cost functions dependent on the coding strategy. Adaptive sub band 
decomposition and nonlinear wavelet transforms are also used to improve compression performance in a different 
adaptive mode and what are adaptively selected are the filter’s coefficients at the nodes of wavelet decompositions. The 
algorithm to select the best wavelet packet base in the above section uses the true image and noise level. It is known that 
the true image is unavailable in denoising and the noise level can be accurately estimated by the MAD estimator from the 
noisy image. Therefore the pivotal problem is how to obtain a pilot image instead of the true image to select the best 
wavelet packet base. As in the EWF  and the doubly local Wiener filtering  we use the standard wavelet transform to 
reduce noise in a noisy image and then the denoised image is used as a pilot image for selecting the best wavelet packet 
base. 
DENOISING algorithms is still limited and often worse than keyword based approaches. The problem stems from the fact 
that visual similarity measures, such as color histograms, in general do not necessarily match perceptional semantics and 
subjectivity of images. In addition, each type of image features tends to capture only one of many aspects of image 
similarity and it is difficult to require a user to specify clearly which aspect exactly or what combination of these aspects 
he/she wants to apply in defining a query. To address these problems, we propose the utilization of the Scale Invariant 
Feature Transform algorithm. SIFT has been demonstrated to be very suitable for object detection in images with high 
resolution. However, SIFT performs poorly when it is faced with images of poor resolution. Matching features across 
different images in a common problem in DENOISING. SIFT extracts distinctive invariant features from an image which 
can be used for performing reliable matching between different views of an object or scene. These features are scale and 
rotation invariant and have shown to provide robust matching across many different affine distortions, changes in 3D 
viewpoints, addition of noise and change in illumination. A single feature can be matched correctly with a very high 
probability against a large database of features of many images. 
The Adaptive Threshold module is used in uneven lighting conditions when you need to segment a lighter foreground 
object from its background. In many lighting situations shadows or dimming of light cause thresholding problems as 
traditional thresholding considers the entire image brightness. Adaptive Thresholding will perform binary thresholding 
by analyzing each pixel with respect to its local neighborhood.  
A general systematic method for the detection and segmentation of bright targets is developed. We use the term “bright 
target” to mean a connected, cohesive object which has an average intensity distribution above that of the rest of the 
image. We develop an analytic model for the segmentation of targets, which uses a novel multiresolution analysis in 
concert with a Bayes classifier to identify the possible target areas. A method is developed which adaptively chooses 
thresholds to segment targets from background, by using a multiscale analysis of the image probability density function 
(PDF). A performance analysis based on a Gaussian distribution model is used to show that the obtained adaptive 
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threshold is often close to the Bayes threshold. The method has proven robust even when the image distribution is 
unknown.  
Let's take the dot blot from Image J sample images as an example : If we want to segment every dots regard less of their 
intensity via using the default threshold function (global histogram threshold), we either get incomplete dot set or too 
much background : However, by using the adaptive threshold, it is possible to extract every dots quite clean with a single 
step: 

 
Of course, with other advanced filtering method, one can get even cleaner feature extraction. But for many applications, 
this adaptive threshold method is sufficient and generic to different features. With the live preview, the selection of 
thresholding parameters becomes much easier and straightforward just like using the built-in threshold function.  
Although looks primitive, image segmentation based on pixel intensity is probably the first and easiest solution when we 
want to separate features from background. As global threshold can be easily compromised by non-homogeneous 
background value, threshold image pixels based on local instead of global pixel intensity appears to be a robust method to 
circumvent above issue. It also resembles how human vision distinguish objects from background, we are more sensitive 
to local intensity difference then global intensity.  

 
Figure 1. DENOISING Technique 

2. RELATED WORK 
Author  Year  Work done  

M Rama Bai , Dr V Venkata 
Krishna   

2012  This paper examine the distribution of intensity values 
of neighbourhood of a given pixel and determine if the 
pixel is to be classified as an edge and new 
morphological approach for noise removal edge 
detection is introduced for both binary and gray scale 
images. 

Mitra Basu 2011  It described a survey of Gaussian-based edge detection 
techniques and detects the locations of these intensity 
transitions. The edge representation of an image 
drastically reduces the amount of data to be processed, 
yet it retains important information about the shapes of 
objects in the scene.  

Mohamed A. El-Sayed   2009  It describe the hybrid entropic edge detector presented 
and it uses both Shannon entropy and Tsallis entropy, 
together. The proposed method is decrease the 
computation time with generate high quality of edge 
detection. 

Manimala Singha and 
K.Hemachandran 

2001  This approach is presented for denosing by combining 
the color and texture features called Wavelet-Based 
Color Histogram Image Retrieval (WBCHIR). 
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Zhi-Hua Zhou, Ke-Jia Chen, and 
Yuan Jiang 

2000  It describe that applying semi-supervised learning and 
active learning together to DENOISING  

 
3. PROPOSED WORK 
The proposed method is a variant of the Canny edge detection technique. In Canny’s method the first step is to smooth 
the image to eliminate the noise in the image. For this task Gaussian smoothing filter is adopted which does not preserves 
the edges. So we adopt Adaptive filter which preserves the edges of the objects while smoothing the image. The steps of 
the Image edge detection using Adaptive filter technique are as follows:  
1) Use the Adaptive filter for Smoothing image: The first step is to remove or minimize noise in the original image before 
trying to locate and detect any edges. 
2) The Adaptive smoothing is a class of typical nonlinear smoothing technique.  
3) The adaptive filter is based on the neighborhood of each and every pixel for their mean value which preserves the 
edges in the given image. The algorithm for smoothing the image using Adaptive filter is as follows: 
Algorithm: 
1) Initialize 
a) Input image 
b) Initialize termination condition, t (number of iterations) 
2) Find the images that are equivalent to original image in red, blue and green color Spaces 
3) Find the number of rows and columns of the image 
4) Find the eight neighborhood pixels of each pixel 
5) Compute the difference (di) of each pixel with its neighboring pixels in R,G and B color spaces respectively 
6) Normalize the di values between 0 and 1 
7) Compute Ci = (1-di)t 
8) Multiply each Ci with corresponding neighborhood pixel in R,G and B color spaces respectively repeat steps 4 to 7 for 
each pixel in the image i.e rows x columns 
9) Concatenate the above three images(R,G and B color spaces) repeat steps 2 to 8 until t is satisfied. 
 
4. OBJECTIVES 
Our objective is to design an algorithm to work on the parameters of the corrupted noisy images. The algorithm includes 
the following steps to find the edges of the images: 
4.1 Firstly the noise is removed from the corrupted image to find out the correct edges of the image. 
4.2  Close parameters (Noise Level at different Densities, PSNR, Noise Suppression) are determined to recognize the 

image properly. 
4.3 On the basis of close parameters, noisy pixels are replaced by the most appropriate values and the edges are 

determined efficiently.  
4.4 At last we will get a noise free image. 

 
5.  PROBLEM STATEMENT 
Edge detection is an important pre-processing step for any image processing application, object recognition and emotion 
detection. Edge detection is very helpful in case of noise free images. But in case of noisy images it is a challenging task. 
Noisy images are corrupted images. Their parameters are difficult to analyze and detect. Our problem statement is based 
on the evaluation of the parameters of noisy images. The problem statement solution is calculated with the help of wavelet 
packet system. Algorithms help us to calculate the parameters of noisy images. The parameters of working would be 
Noise level at different densities, Noise suppression rate and PSNR.  Eculidian 
Distance=  where i=1 to n. 
 
6. METHODOLOGY 
6.1 Create Database and upload desired image. 
6.2 Add noise in the image at 30%, 60% and 95% level. 
6.3 The remove the noise from the image by using filter and  apply the Gaussian filter, Adaptive mean, hybrid Mean to 

obtaining three filtered image (noise free image). 
6.4 Calculate the PSNR value and Compare the results. 
6.5 Finally we will detect the edges of the image and then retrieval the image from the Database. 
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7. RESULT & CONCLUSION 
In the work till now, we have implemented the general edge detection techniques to check out how a image gets fetched 
out from the database. For this purpose it is required to have a database which consists of images which can be processed 
through the coding platform. After the creation of the successful database, it is required to check out that over which 
parameters the processing is possible. Checking out the parameters depends upon what kind of images has been taken for 
the consideration. There are several features over which an image can be judged. Some of them are the outer edges of a 
image, if a colour image has been taken into the consideration, it is required to check out the colour combination pattern 
of the images .Now the color combination is basically formed of three colours. They are red green and blue .They play a 
vital role in the content based image retrieval. Now it is difficult to find out that which type of parameter which suit to 
which kind of image .Hence a work here also is required to be done. The noisy image will be divided into three 
categories. The three categories would be red, green and blue and then a pixel management would be done to check out 
whether the ratio of the found arguments matches our requirement or not. As in the proposed methodology, it has been 
mentioned that, the processing will go through each and every pixel. Every image in the data base will be portioned into 
the pixels and its red green and blue components would compare with the previous stored components. Now, if the found 
component value will be found to be more it would move to the queue downward and hence in such a manner each and 
every image would be compared and they would be stored into an array. Finally a sorting would be done to find out the 
best suited image after the removal of the noise from the image. 

 
                                                          Figure2: Flowchart of Working 
 
Calculate: TL =1/m*n    L(p,j)  where L is lower bit 
                   TU =1/m*n U(i,j) where U is upper bit 
                  TV=1/m*n    V(i,j) where V is variant bit 
Compare I1(TL,TU,TV) with dbImg1 (TL,TU,TV) 
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